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dolg 7|8t T WAL 7B O E tigFe] To]
BE agyos B4 AL, o|F o|§sto] &3
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9] AL 93 24 ulEE Wl (hidden Markov model)
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3.5 3| EA(Regression)
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A LHYL AL vg mo w2 wEo) ¥

4 ok,
dlole] 7]uk ofuulo] e oby we mdAel
AS GATD Urk 53, ol BASL AR 3§

wopol A &8 7HsAdol o ofF AR ¢l
AT}

E2] 7]4t Alo] & A &3] 4 (Physically based con—
trol and simulation): &A2] Q17+ ZEEL 7|A A
ol Mg el AElUL &Zojuto] 73 W Al
A]—"‘/'h_} El—o] q.oko}ﬂ ;(}o:p\gio /\E}OTO Eo%z
A ok ok 53 d0lel ol A5
Aol712 4
AT T A 4t s Aol

tf# oo]HE AlS A& (Multi—agent interaction):
AAN7EA] A i EEe] dlolg 7|9t ofyHo] A 7]
&o o Aol AUA AL YA A

st 28e FaL ATk oY Y AREo /ﬂ;
sl el o HFshe 4 S Y9 ndd
ol & o oHYAH FrRL FAES WA
ok dlE 9, s A7 FH Y AEAE
Ad BAE SOl AAoF 3hH, FoAEs 2
Yool AQLAET = JAE= o gt

4= P9 A EH o] (Crowd behavior simulation):
YA A7) WolA A HdFS o|FH ARRE, &
Z Aad golSo] A HoRpo] Sx0S AR
4 o 834 F4Ec &5 P Aot B4,
AL BE o2 &9 A IAo|t},

g

(1) Jehee Lee, Jinxiang Chai,
Jessica Hodgins, and Nancy Pollard, “Inter-

Paul Reitsma,

active control of avatars animated with hu-
man motion data,” ACM Transactions on Gra-
phics(Siggraph 2002), Vol. 21, No. 3, pp.
491-500, 2002.

56 £ 2007.3. FEFHEI A A25H A3E

(2]

(5]

(6]

(7]

(8]

Michael Gleicher, and Fre-
deric Pighin, “Motion graphs,” ACM Transac-
tions on Graphics(Siggraph 2002), Vol. 21,
No. 3, pp. 559-568, 2002.

Matthew Brand and Aaron Hertzmann,
Siggraph 2000, pp. 183-192,

Lucas Kovar,

“Style machines,”
2000.

Yan Li,
Shum, "Motion textures: A two-level statis—

Tianshu Wang, and Heung-Yeung

tical model for character motion synthesis,”
ACM Transactions on Graphics(Siggraph
2002), Vol. 21, No. 3, pp. 465-472, 2002.

“Motion
analysis and synthesis in low-dimensional

Hyun Joon Shin and Jehee Lee,

spaces,” Computer Animation and Virtual
Worlds, Vol. 17, issue 34, pp. 219-227, John
Wiley & Sons, July, 20006.

Kang Hoon Lee and Jehee Lee,
puting avatar behavior from human motion
data,” Graphical Models, Vol. 68, issue 2, pp.
158-174, Elsevier, March 2006.

Keith  Grochow,
Hertzmann, and Zoran Popovic,

“Precom-

Steven Martin, Aaron
“Style-based
inverse kinematics,” ACM Transactions on
Graphics(Siggraph 2004), Vol. 23, Num. 3,
pp. 522-531, 2004.
Tomohiko Mukai

“Geostatistical motion interpolation,”

and Shigeru Kuriyama,
ACM
Transactions on Graphics(Siggraph 2005),
Vol. 24, Num. 3, pp. 1062-1070, 2005.

ol l 5|

1995.2 8&%@@71% kst AL
20002 gt=rifel7]ed dAkeh vhat
2003.3~ A~ HEEHU]’J-‘— AFEHBE

TARE AR T, ofyn
o 7paF e, 2] 7|6t /\%Eﬂ l”‘i
E-mail : jehee@cse.snu.ac.kr




	데이터 기반 애니메이션과 기계학습
	1. 서론
	2. 배경
	3. 기계학습 활용
	4. 향후 전망
	참고문헌


